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Problem Definition

© ASSUMPTIONS

© OUTPUT SPECIFICATION
The dynamics of one individual’s behavior during an exercise
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© INPUT SPECIFICATION
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Disease Status

Symptoms Baseline

Experience with Technology
Health/Disease Belief/Perception

The state of the system at time t is represented by a set

of random variables:
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Initial state distribution P(Z(?))
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U(t), x () , y (®) . Input, hidden and output variables of
the model

><¥ Methodology

HOLOBALANCE Dynamic Bayesian Network

Testing the inference performance of the initial DBN model Mg
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Step 2 Specification of the structure of the DBN performed

Step 5 Inference — The Clustering algorithm

Step 3 Initialization of the state distribution P(Z (0)) and Step 6 Evaluation — Evaluation of the classification

the conditional probability p(Z(t)|Z(t—1)) (M) performance of Mgy based on 10-fold cross-

validation
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